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Statistical Discrimination in Employment

Its Practice, Conceptualization, and Implications for Public Policy

AMANDA K. BAUMLE
MARK FOSSETT
Texas A&M University

The phenomenon of statistical discrimination may take on increasing importance in the
future as “traditional” prejudice-based discrimination slowly fades. This article considers
how statistical discrimination compares with perspectives on discrimination in sociology,
economics, and law. Statistical discrimination fits well with mainstream perspectives in eco-
nomics, suggesting it is likely to be a common practice and endure even as racial prejudice
declines. Statistical discrimination is less central in sociological perspectives on discrimina-
tion because they tend to focus on prejudice-based discrimination, ethnic conflict and strati-
fication, and how ethnic group interests are embedded in social institutions. In the area of
law, statistical discrimination is treated differently in different situations—sometimes allow-
able, other times prohibited. The authors note some characteristics of statistical discrimina-
tion that set it apart from other forms of discrimination and consider whether standard
policies aimed at reducing racial discrimination in employment are likely to be effective in
combating statistical discrimination.

Keywords: statistical discrimination; workplace; race

An employer terminates an African American man because the employer feels
uncomfortable working with people of different races. A woman does not
receive a promotion because her employer thinks men are better suited than
women for supervisory positions. A 60-year-old sales representative is termi-
nated by his recently promoted 40-year-old supervisor who cites the need to
bring “young blood” into the corporation as the reason for the action. A disabled
woman who uses a wheelchair is screened out of an applicant pool because the
employer thinks that the firm’s image of competence and professionalism would
suffer with a paraplegic in the office. These acts would be seen as examples of
discrimination by social scientists and most members of the lay public. They
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also would be seen as discrimination against protected categories that is
prohibited under present law.

Another set of examples might generate less consensus. An employer hires
graduates from suburban high schools over graduates with similar grades from
inner-city high schools because he is convinced graduates from inner-city high
schools consistently fare worse in language and basic skills. Young adult males
of “apparent” Middle Eastern background are routinely detained for lengthy
security screenings at airports, whereas elderly “White” women are rarely
detained. An employer is reluctant to hire single mothers with young children
believing these women will, on average, have a higher rate of absenteeism that
could have a negative impact on the company’s productivity. An automobile
insurance company charges higher premiums to young adults, especially young
males, because the firm’s actuarial analysis indicates that these clients generate
a disproportionate share of claims. Many social scientists describe these kinds
of acts as examples of statistical discrimination; acts that are not based specifi-
cally on prejudice or negative affect toward a class of individuals but rather, are
motivated by practical concerns and are grounded in what the decision maker
believes to be valid inferences about productivity and risk.

Social science perspectives vary on the question of whether these examples
of discrimination are substantially different in nature from the first set of exam-
ples and, thus, require special conceptual models and different social policies.
The broader public tends to be more accepting of these forms of discrimination
as evidenced in recent years by letters to the editor and op-ed columns in news-
papers arguing that statistical profiling in security screening is an efficient, nec-
essary practice. Legal theory and law also show less consistency regarding how
these practices should be treated; some of the examples listed above would be
illegal under current law, others would be allowable practices.

The notion of statistical discrimination is viewed cautiously by many
because it does not invoke notions of prejudice and group interest, factors
emphasized in traditional discussions of discrimination. Instead, statistical dis-
crimination is based on rational decisions by maximizing actors who are guided
by empirically informed assessments of productivity and risk. In some cases, the
assessments may involve informal “rules of thumb” and “common knowledge”;
in others, they may be grounded in formal statistical analysis. In all cases, how-
ever, the “true” statistical discriminator seeks to draw on valid empirical patterns
as the basis for their assessments and decisions. This is what sets statistical dis-
crimination apart from discrimination motivated by emotion, negative affect,
irrational taste or prejudice, unfounded stereotypes, and group interest.

In the case of employment, an employer who practices statistical discrimina-
tion is motivated to hire only an employee who will be most productive and pose
the least risk to the company. These risks could entail anything from the risk of
leaving before the employer recoups costs of training to the risk of stealing from
the company. Although employers sometimes run background checks on appli-
cants, they are faced with a situation in which they have imperfect information
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as to applicants’ potential risks and productivity. Information obtained through
job application forms, résumés, and short interviews are not without value but
also can be highly suspect. The cost of obtaining detailed information on each
applicant is prohibitive, and it would be inefficient for an employer to engage
in such a practice. As a result, a “rational” employer may look to membership in
specific categories or groups that have a statistical correlation with productivity
or risk in assessing an applicant’s eligibility.1

The notion of statistical discrimination has generally received only limited
attention in broad discussions of discrimination, but it may loom as an increas-
ingly important concern. Most observers agree that “traditional” forms of dis-
crimination grounded in negative affect and prejudice are slowly declining and
that support for equality of opportunity (but not necessarily results) in educa-
tion, employment, and housing is now fundamentally mainstream. But discrimi-
nation continues to negatively affect the lives of ethnic minorities and women
despite apparent long-term trends in attitudes that should diminish it. One factor
that may help explain this is that the role of statistical discrimination has been
underestimated and that it is pernicious and is not likely to decline according to
the same logic as discrimination based on traditional forms of prejudice.

With this in mind, we pursue several objectives in this article. We examine
how statistical discrimination fits into the prevailing understanding of discrimi-
nation; consider several definitions of discrimination drawn from the fields of
economics, sociology, and law; and assess how they square with the notion of
statistical discrimination. We examine the logic and consequences of statistical
discrimination and whether it is amenable to policies developed to combat tradi-
tional forms of prejudice-based discrimination. Finally, we give attention to the
manner in which the judicial system has labeled particular examples of statisti-
cal discrimination illegal and other examples legal, and we try to tease out the
key factors that lead to a form of statistical discrimination being labeled
unacceptable.

SOME CONSIDERATIONS
ABOUT STATISTICAL DISCRIMINATION

We begin by reviewing some general points about statistical discrimination.
The first thing we note is that from some vantage points, particularly certain psy-
chological and economic perspectives on discrimination, the practice of statisti-
cal discrimination is expected to be common. These perspectives see statistical
discrimination as involving patterns of reasoning, inference, and decision mak-
ing that are widely practiced and uncontroversial in many domains of life. Sub-
scribers to this view argue that people are likely to practice normatively pro-
scribed statistical discrimination because the behavior involved is routine,
familiar, and practical. Thus, statistical discriminators sometimes defend their
actions by saying it is “natural,” “everyone does it,” and “it is useful.”
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The phenomenon of statistical discrimination cannot be dismissed as simply
traditional prejudiced-based discrimination covered by a more palatable veneer.
Undoubtedly, some traditional prejudice-based discrimination is rationalized in
new ways. But research suggests that minority and majority decision makers
alike sincerely, and in some cases correctly, believe that nontrivial differences
on characteristics relevant to decision making sometimes exist between demo-
graphic groups. Kirschenman and Neckerman (1991) and Neckerman and
Kirschenman (1991) reported evidence to this effect based on in-depth inter-
views with employers. Moss and Tilly (2001) offered similar evidence based on
telephone surveys and face-to-face interviews with employers and managers.
For example, they reported that employers tend to view African Americans as
lagging with respect to “hard skills” and “motivation” compared to other
groups, including other minority groups (Moss & Tilly, 2001, pp. 95-104).2 Sig-
nificantly, Moss and Tilly reported that this view is evident for managers of all
races, including African American managers (pp. 130-143). They also stressed
that although unfounded stereotyping may be involved, the general weight
of the evidence suggests that managers and employers are often reporting
differences that are real in some degree (Moss & Tilly, 2001, p. 131).

Moss and Tilly (2001) noted that “soft skills” such as attitude, motivation,
professionalism, friendliness, and dependability are harder to measure than
hard skills such as literacy, language, basic math, and computer skills and that
employers may be especially prone to rely on group characteristics such as race,
inner-city residence, age, and gender to gauge these factors. When group differ-
ences are invoked as explanations for decisions, it is always legitimate to ques-
tion whether the presumed differences are “real” or merely reflect prejudice and
bias. In many instances, however, it is accepted that characteristics such as race,
gender, age, inner-city residence, and such are correlated with factors that deci-
sion makers wish to take into account but cannot always easily measure. Few
question that young drivers have higher accident rates, that African Americans
as a group score lower than Whites as a group on basic skills tests, that women
live longer than men as a group, or that middle-aged women are less likely than
young men to be involved in crime and violence. Thus, there are undoubtedly
many situations where characteristics such as race, gender, and age have the
potential to serve as readily available and inexpensive proxies for traits that are
difficult and expensive to measure.

It is important to recognize that statistical discriminators can sometimes
improve their decisions by using proxy predictors; presumably, this is why auto-
mobile insurers offer different rates based on age and gender. But it is also
important to recognize that even when statistical discriminators do not improve
their decisions by significant margins, they do not necessarily incur disadvan-
tages. This makes the practice particularly insidious. Consider an employer who
is filling entry-level positions where the wage is fixed. If the employer matches
applications on similar “relevant” credentials (e.g., a high school degree), the
employer is operating at the limits of his or her available information about

Baumle, Fossett / STATISTICAL DISCRIMINATION 1253

 © 2005 SAGE Publications. All rights reserved. Not for commercial use or unauthorized distribution.
 by SJO TEMP 2008 on July 11, 2008 http://abs.sagepub.comDownloaded from 

http://abs.sagepub.com


productivity and risk. If the employer then chooses applicants on the basis of
race or some other group membership, and group membership is in fact
uncorrelated with unmeasured productivity and risk, the employer is choosing
arbitrarily among otherwise similar candidates and is not likely to systemati-
cally make worse choices.

For the employer described above to be systematically worse off, race would
need to be correlated with unmeasured productivity and risk in a direction oppo-
site than presumed. But theory suggests this is unlikely and that the reverse is
more likely. One of the hallmarks of racial stratification is that ethnic minorities
suffer systematic disadvantage across many domains and outcomes. This pro-
vides a powerful basis for expecting minority status to be correlated with
unmeasured disadvantages in productivity and risk just as it is correlated with
measured disadvantages. The main risk to statistical discriminators is that they
may err quantitatively and allow group membership to override other factors
(e.g., hiring White high school graduates over Black college graduates) when
this is empirically inappropriate. But group membership is hardly unique in this
regard. Statistical discriminators face this problem with every factor they con-
sider and because their motivation is economic, they seek to give each factor
appropriate weight in relation to others.

This leads to the related point that statistical discriminators make decisions
on the basis of established empirical regularities, not causal theories. For predic-
tive purposes, it matters little that group membership is a spurious correlate of
productivity and risk. In fact, qualitative evidence presented by Moss and Tilly
(2001) and Kirschenman and Neckerman (1991) suggests that employers some-
times appreciate the sociological underpinnings of the association between
minority status, productivity, and risk and in some cases, may even express
regret about the situation. Ironically, this may not undermine their willingness to
use group membership in decision making because it may confirm and solidify
their beliefs about the existence of systematic differences between groups.

In contrast to the statistical discriminator who tends to either gain or be no
worse off, the object of the discrimination—the minority job applicant, the
young male driver with a perfect driving record, or the inner-city high school
graduate with excellent basic skills and work habits—will suffer and be worse
off. As individuals, they are “unjustly” penalized for belonging to a group with
generally lower skills or higher risk. In this regard, statistical discrimination is
no different from prejudice-based discrimination. Moral and ethical concerns
about this type of injustice might motivate decision makers to refrain from prac-
ticing statistical discrimination. But this is not always going to be the case. There
is no reason to expect, for example, that automobile insurers are dissuaded from
desiring to charge young male drivers higher premiums based on their group’s
driving record.

Informal normative restraint on the practice of statistical discrimination will
be uneven at best. One reason for this is that in a certain sense, the type of injus-
tice in question applies to all bases of statistical discrimination. Employers who
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screen job applicants on the basis of whether they have a college degree, a legal
practice in many situations, may well unjustly penalize a small fraction of appli-
cants who are “qualified” but have not specifically earned a college degree. No
predictor of performance and risk is perfect. Thus, decisions based on predictors
will always “unfairly” penalize some individuals whose true performance or
risk is more favorable than the predictor suggests. The injustice is more likely to
be defined as a social problem and there is the possibility of a legal issue when
the injustice involved systematically affects a class of people who are or have
historically been the objects of traditional prejudice-based discrimination and
who can mobilize politically.

APPROACHES TO DEFINING DISCRIMINATION

Different disciplines offer different perspectives on discrimination. In this
section, we review a selection of definitions in different disciplines to see how
the notion of statistical discrimination fits in with these broader perspectives.

SOCIOLOGICAL DEFINITIONS OF DISCRIMINATION

Sociologists have generated a broad spectrum of notions of what constitutes
discrimination. A comprehensive review of these is beyond the scope of this
article.3 Instead, we consider a representative example by Levin and Levin
(1982) who defined discrimination as “differential or unequal treatment of the
members of some group or category on the basis of their group membership
rather than on the basis of their individual qualities” (p. 51).

As we see below, in many respects this definition is compatible with notions
of discrimination used in the law. In other respects, it is not. One major area of
departure is that it does not identify specific groups or categories that cannot
serve as the basis of discrimination. The Levin and Levin (1982) definition iden-
tifies differential treatment based on any “group or category” membership as
discrimination. Under strict application of this definition, and others that hold
differential treatment based on individual qualities as nondiscriminatory, most
hiring decisions would be discriminatory. The reason for this is that most hiring
decisions involve consideration of group or category memberships of various
kinds; few are based solely on direct assessments of individual “qualities” as
might be ascertained by administering a job-relevant skills test to the individual.
Thus, for example, employers who screen on educational degree are not measur-
ing the individual’s skills, abilities, and work habits directly but are inferring
these from category membership (Jaret, 1995, p. 254).4 As a group, college
graduates typically have higher average knowledge and ability and better work
habits than do non–college graduates. But because the distributions of knowl-
edge, ability, and work habits for the two groups overlap, screening on college
degree will sometimes lead to “unequal treatment of equals.” Some college
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graduates who are at the lower end of their group’s distributions on knowledge,
ability, and desirable work habits will “undeservedly” benefit from their cate-
gory membership. Some non–college graduates who are at the upper end of their
group’s distributions on knowledge, ability, and desirable work habits will
undeservedly be penalized.

This example reveals that several considerations not specifically mentioned
in Levin and Levin’s (1982) definition are relevant for the determination of dis-
crimination. One is whether differential treatment is based on a “legitimate” dis-
tinction. Under Levin and Levin’s definition, it is not discriminatory to treat
individuals differently “on the basis of their individual qualities.” But their
broader discussion makes it clear that they do not mean that all individual char-
acteristics can serve as a legitimate basis for treating individuals differently,
only individual characteristics reflecting “merit” or “ability.”5 Thus, Levin and
Levin’s examples of group-based discrimination highlight decisions based on
membership in groups or categories delimited by ascribed characteristics such
as race and not decisions based on membership in groups or categories delimited
by achieved characteristics such as high school graduate. We surmise that their
key concern is not whether group or category membership is involved but
instead, whether group or category membership is closely associated with a
legitimate basis for assigning jobs, namely, merit or productivity. This is a prin-
ciple recognized in employment law. Thus, employers who screen on college
degree would likely be on safe legal ground when hiring for positions such as
accountant or engineer but might not be when hiring for positions such as pro-
fessional athlete or unskilled laborer. The key question would be whether the
employer is able to show that the categories of college graduate and non–college
graduate identify groups of people who differ sufficiently in terms of legitimate
qualifications for the job.

A second aspect of the ascribed-achieved distinction regarding group mem-
bership is relevant to social policy and law but is not strictly reflected in Levin
and Levin’s (1982) definition of discrimination. It is whether the association
between individual merit and membership in a group or category is intrinsic or
“spurious.” Ascribed characteristics such as race are often statistical correlates
of skills and qualifications; indeed, this is the basis for the practice of statistical
discrimination. However, Levin and Levin’s discussion of discrimination, like
many others, implicitly invokes the principle that group or category differences
in skills and qualifications can be legitimately used only when the category is an
achieved category. Using ascribed categories is seen as discrimination because
although ascribed categories may “predict” knowledge, ability, and work habits,
their correlation is spurious and is beyond the individual’s control; and so, it is
unfair to use them in ways that would disadvantage deserving individuals.
Achieved categories are accepted because they predict skills and qualifications
and they are generally viewed as intrinsically reflecting individual effort and
accomplishment.
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In view of this, it appears that the Levin and Levin (1982) definition would be
more serviceable, and in our view more appropriate for their own discussion and
examples, if it were restated in the following form: Discrimination is differential
or unequal treatment of individuals based on characteristics that are identified as
illegitimate bases of differential treatment. This definition allows for screening
based on membership in achievement-related groups and categories if the
groupings are deemed legitimate and relevant to the outcome or process. It disal-
lows screening based on individual and group characteristics that are deemed
illegitimate and irrelevant to the outcome or process.

Sociologists have offered a wide range of alternative definitions of discrimi-
nation, some differing markedly from the one just reviewed. Of particular inter-
est here are definitions grounded in the view that discrimination is deeply
embedded in institutionalized social arrangements. Feagin and Eckberg (1980),
for example, argued that dominant ethnic groups exert great influence over how
social institutions operate and what principles of stratification are accepted as
legitimate and stressed that both are likely to reflect dominant group interests
and maintain dominant group advantages. Guided by this view, Feagin and
Eckberg defined discrimination as “practices and actions of dominant race-
ethnic groups that have a differential and negative impact on subordinate race-
ethnic groups” (p. 9).

Feagin and Eckberg’s (1980) definition differs from that offered by Levin
and Levin (1982) in many important ways. It labels action as discriminatory
only when actions and practices on the part of dominant ethnic groups have neg-
ative consequences for minority individuals.6 In contrast, the Levin and Levin
definition allows for positive and negative discrimination, allows both minority
and majority individuals to be objects of discrimination, and allows both minor-
ity and majority individuals and also social institutions to be discriminatory
actors. Levin and Levin allowed for the possibility that screening on educational
credentials, for example, may be nondiscriminatory, even if it has differential
negative impact on minorities, provided the screening is legitimately relevant to
the job. Feagin and Eckberg’s definition labels negative consequences for
minorities as discriminatory regardless of underlying rationale, reflecting the
view that screening on educational credentials may well function as an institu-
tionalized mechanism for maintaining dominant group advantage.

How does statistical discrimination fit within sociological definitions of dis-
crimination? Clearly the answer to this question is contingent on the definition
of discrimination under consideration. Sociologists who view intent as a neces-
sary part of discrimination cannot easily deal with the practice of statistical dis-
crimination; statistical discriminators make decisions based on economic con-
siderations and are not specifically motivated to treat members of a protected
class differentially. Under Feagin and Eckberg’s (1980) definition, treating indi-
viduals differentially on the basis of group-based statistical regularities is not
necessarily discrimination. It would be so only if the practice were undertaken
by a member of a majority group and worked to the disadvantage of minorities;
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it would not be discrimination if the employer were a member of a minority
group or acted in a way that benefited minority individuals. The practice would,
however, fall within Levin and Levin’s (1982) conception of discrimination,
especially as we amended it. Treating individuals differentially on the basis of
group-based statistical regularities is discrimination if the group or category
involved is not accepted as legitimate relative to the outcome or process under
consideration.

ECONOMIC DEFINITIONS OF DISCRIMINATION

Economists generally consider decisions about employment, wages, and
related outcomes to be nondiscriminatory if they are based on legitimate bases
of differentiation, including “direct” measures of productivity such as education
and work experience. They are deemed discriminatory when personal charac-
teristics, other than relevant indicators of productivity, affect the decision
(Arrow, 1973, p. 3; Cain, 1986, p. 696). Burstein (1990) noted that one implica-
tion of this conception of discrimination is that it can apply to differential treat-
ment based on any personal characteristic that is not normally seen as a direct
measure of productivity (p. 463). Thus, not only would decisions based on race
be discriminatory but so too would decisions based solely or partly on such var-
ied considerations as kinship, friendship, need, membership in the same church
or social network, and shared political views. This may be problematic for appli-
cation to social policy discussions and law because although social policy
and law may reflect a consensus that certain ascriptive characteristics such as
race should not be a basis for differential treatment, there is no comparable
consensus that the only legitimate basis for differential treatment should be
productivity.

Economists pursue their particular conception of discrimination because
they are interested in the question of whether discrimination can persist in com-
petitive markets. Gary Becker’s (1957) “taste” discrimination model is among
the best-known and influential economic theories seeking to explain discrimi-
nation. Becker’s model posits that employers weigh the costs and benefits of act-
ing on their own prejudices and/or the prejudices of their employees and cus-
tomers (England, 1994, p. 59; Jaret, 1995, p. 252). In this framework, employers
will refuse to hire members of a particular group, based on prejudice, unless they
can pay them lower wages for similar productivity to compensate for the “psy-
chic loss” they incur in associating with members of the minority group (Jaret,
1995, pp. 252-253). Other economic actors also are presumed to engage in the
same type of cost/benefit analysis. Prejudiced employees might resign or strike
rather than work with members of a minority group unless they are paid at a suf-
ficient level to “compensate” them for the cost of associating with those they
would prefer to avoid (England, 1994, pp. 59-60; Jaret, 1995, p. 253). Preju-
diced customers will patronize a company that employs minority workers only
if prices of goods and services of a given quality are discounted sufficiently to
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make up for the customer’s “cost” of associating with members of a minority
group.

Becker’s (1957) taste discrimination model implies that discrimination is not
only problematic for minority workers, who will be underemployed and/or
underpaid relative to majority workers with comparable qualifications, but also
a detriment to society as a whole because human capital resources will not be
maximized. This implication of his analysis is widely accepted, but other impli-
cations are not. In particular, many have questioned Becker’s argument that
employers who indulge their tastes for discrimination “pay a price” and are put
at a competitive disadvantage relative to employers who are not prejudiced. One
line of criticism is that markets are structured by institutions and sociopolitical
arrangements that in the case of monopoly power, can buffer discriminating
employers from competitive pressures or in the case of craft unions, can limit
nondiscriminating employers’ ability to hire or set wages in ways that would
undermine discrimination (Jaret, 1995, p. 253). Thus, one can argue that in the
United States, presumably a prototype market economy, discrimination has
been more responsive to social movements and legal actions than to competitive
market forces. Another criticism is that there is little empirical evidence that the
supposed disadvantages associated with “indulging” in discrimination are
decisive in relation to other economic factors.

The theory of statistical discrimination also raises serious questions about
Becker’s (1957) assumption that indulging in discrimination is necessarily
costly. The theory of statistical discrimination rests on the insight that rational
actors gain competitive advantages by drawing on information that allows them
to improve their assessments of productivity and risk. Because “it is virtually
always too expensive and perhaps impossible to get information on each indi-
vidual applicant for a job” (England, 1994, p. 60), employers tend to rely on
group averages on productivity when doing so will be more cost effective than
gathering individual information about productivity (Arrow, 1973, p. 24; 1998,
p. 96). Indeed, England (1994) raised the question, “Why would an employer
want to abandon a cheap method for estimating productivities?” and noted that
even if they are using other effective screening practices, employers have incen-
tives to also rely on statistical discrimination because it is so inexpensive and
barring legal sanction, “there is no pecuniary advantage to ceasing statistical
discrimination” (p. 66).

This insight provides “a market-based explanation” for ongoing discrimina-
tion that “does not require tastes for discrimination” (Arrow, 1998, p. 96). To the
contrary, its practice is similar in motivation and form to using college degree
or years of schooling completed to assess productivity and risk (Jaret, 1995,
p. 254). The key difference is not logic or process, it is that in contrast to educa-
tion, race is an ascribed characteristic that is not viewed as a legitimate or direct
measure of productivity (England, 1994, p. 61). Strictly as a matter of economic
practice, the theory predicts that rational decision makers will use the observ-
able characteristic of race as a surrogate for unobserved productivity differences
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whenever the two are correlated. They may be dissuaded from doing so by nor-
mative concerns or punitive legal sanctions, but not by market pressures.7 Thus,
where taste discrimination theory predicts that market pressures should reduce
discrimination, the theory of statistical discrimination predicts that employers
who use race in employment decisions can gain competitive advantage in
certain circumstances.

Is statistical discrimination objectionable on strictly economic grounds? One
way to answer this question is to consider whether statistical discrimination is an
“efficient” economic practice. Here there are varying views. Most economists
appear to accept that statistical discrimination is efficient from the perspective of
employers; they obtain a more productive workforce when they draw on valid
empirical associations in screening workers. Thus, Schwab (1986, p. 228) noted
that standard statements on the subject (e.g., Aigner & Cain, 1977; Arrow, 1972,
1973; Borjas & Goldberg, 1978; Phelps, 1972) appear, at least on first consider-
ation, to imply that the prohibition of statistical discrimination would result in a
less efficient economy. But other factors must be considered. Lundberg and
Startz (1983) pointed out that when employers make decisions based on group
characteristics, it discourages members of less favored groups from investing in
additional training and education and cultivating better work habits, at least to
the extent that such individual characteristics are not likely to be recognized and
rewarded by employers. Thus, Lundberg and Startz argued statistical discrimi-
nation could reduce economic inefficiency at the societal level by producing a
less productive workforce based on a classic “vicious cycle.” As Arrow (1998)
put it, “If the employer is going to judge by race, then there is no reward for these
[productivity-enhancing] investments. They will not be acquired, and then the
statistical judgments will be confirmed” (pp. 96-97).

There are two reasons for questioning whether economic considerations pro-
vide a compelling basis for prohibiting the practice of statistical discrimination.
One is that consensus about the direction and magnitude of the overall impact is
lacking. Schwab’s (1986) discussion of these issues indicates that assessments
of the impact of statistical discrimination on aggregate efficiency for the econ-
omy may hinge on particular assumptions and situations. Assuming statistical
discrimination by race is ultimately found to be inefficient from the perspective
of the entire economy, a second question that arises is whether this is a special
case or applies to all forms of statistical discrimination. Does the same logic
imply that screening workers on high school and college degrees should be
prohibited because the efficiency of the economy as a whole is reduced when
workers with lesser educational credentials are discouraged from making pro-
ductivity-enhancing investments?

Is the practice of statistical discrimination unfair in an economic sense? The
answer depends on whether the concern is for individual fairness that as we see
below, the courts have emphasized in employment law, or for group fairness,
which economists tend to emphasize and which the courts have emphasized in
insurance law. Under any statistical prediction model, individuals who are more
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productive than predicted will be rewarded at lower levels than “deserved” and
all individuals who are less productive than predicted will be rewarded at higher
levels than deserved.8 From this point of view, all statistical prediction models
generate unfairness to individuals. This is true regardless of whether the predic-
tion model incorporates a crude proxy such as race or is based on more direct
measures of productivity such as education.

Group fairness is easier to achieve. It requires only that for a class of individ-
uals, average rewards match average productivity and risk. Statistical models
that capture real differences in productivity and risk can meet the test of group
fairness. For any configuration of values on predictor variables, some individu-
als will be treated better than they deserve and some will be treated worse than
they deserve, but the average unfairness to individuals with the set of character-
istics in question will be zero. Significantly, for any two prediction models that
meet the standard of group fairness, the model that yields better predictions also
will yield lower average unfairness to individuals.9

Perhaps the strongest arguments for prohibiting statistical discrimination are
found in noneconomic dimensions of the practice. As noted earlier, the use of
race may be questioned on grounds that it is an ascriptive characteristic largely
beyond individual control and it is not intrinsically related to productivity and
risk. Furthermore, the spurious association between race and productivity dif-
ferentials has historical origins that provide another moral basis for objecting to
the practice. As Arrow (1998) put it, “Unobserved determinants of perfor-
mance” do not “just happen to be correlated with race” (p. 96). These correla-
tions are bound up in a long history of overt, intentional, and often state-
sanctioned discrimination. These and related considerations probably have as
much or more relevance for social policy as strict economic considerations.

LEGAL DEFINITIONS OF DISCRIMINATION

One might expect a definition of discrimination to be clearly expressed
within our laws, but a concise legal notion of discrimination has yet to be set
forth. Legislation and judicial decisions identify a set of characteristics, namely,
race, sex, national origin, religion, age, and—in some states—sexual orienta-
tion, that decision makers are prohibited from using as a basis for awarding or
denying goods and services to individuals. They are less precise, however, in
stating what actions constitute prohibited discrimination based on these traits.
The ambiguities present within legal definitions of discrimination are evident in
laws involving employment discrimination, an area that has seen considerable
legal challenge and development.

Title VII of the Civil Rights Act of 1964, which prohibits employment dis-
crimination, sets forth definitions of a number of key terms, including employer,
employee, and even person, but does not provide a definition of discrimination
(Burstein, 1990, p. 459). Instead, it identifies specific group characteristics on
which employment decisions must not be based, including race, color, religion,
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sex, or national origin (Title VII, Sec. 703[a]). Similarly, it identifies specific
discriminatory acts, such as failing to hire, promote, or increase the wages of an
individual because of membership in a protected group (Title VII, Sec. 703[a]).
Following this list of prohibited acts, Title VII includes vague language that it
will be unlawful “otherwise to discriminate” but does not set forth a definition
clarifying what it means by to discriminate. The absence of such a definition
probably reflects the difficulties involved in setting forth an acceptable opera-
tional definition of discrimination (Burstein, 1990, p. 460); as we have noted in
this article, no general definition offered in the social sciences or in legal schol-
arship is free of significant weaknesses. The resulting situation is one in which it
has largely been left to the courts to determine which acts constitute discrimina-
tion and which do not (Bergmann, 1986, p. 150) and, thus, court rulings have
shaped the notion of what constitutes prohibited discrimination.

To a certain extent, the courts have implicitly adopted a conception of dis-
crimination that corresponds closely to the economic view that discrimination
consists of denying or awarding goods based on personal characteristics unre-
lated to productivity. This is seen in the fact that Title VII of the Civil Rights Act
of 1964 and subsequent judicial interpretations of the law have permitted
employers to make decisions based on a “merit system, or a system which mea-
sures earnings by quantity or quality of production” (Burstein, 1990, p. 466).
There are, however, significant limits on the use of productivity-related mea-
sures in decision making. Specifically, the Supreme Court found that when stan-
dard indicators of productivity—such as levels of education, or performance on
an examination—have an adverse impact on members of a protected group in
employment decisions, employers can use the indictors only if they can be
shown to be necessary for the employee to be productive in the particular job
(see Griggs v. Duke Power Co., 1971). The ruling was significant in two ways: It
advanced the notion that decisions based on measures of productivity must be
adequately linked to the specific requirements of the particular job, and it broad-
ened the definition of discrimination to encompass circumstances in which pro-
tected groups were being harmed, despite an apparent absence of overt or
intentional discrimination (Burstein, 1994, p. 103; Skrentny, 1994, p. 344).

Burstein (1990) pointed out that “sensitivity to what is socially disapproved”
plays an important role in defining and refining notions of discrimination in the
law (p. 466). Thus, the types of legal challenges brought alleging discrimination
and the responses to these challenges as reflected in judicial decisions and new
legislation provide an indicator of what society considers to be discrimination
(Burstein, 1990, pp. 465, 469-473). Burstein noted that

in essence, the courts have become the location, more than anyplace else, where
the utility of the standard definition [of discrimination] is tested, where the com-
plexities . . . of practices disadvantaging minorities and women are confronted,
and where both public attitudes and value judgments concerning such practices
are expressed. (p. 467)
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For this reason, understanding the circumstances in which statistical discrimina-
tion has been labeled as discriminatory in legal disputes can provide some guid-
ance as to where statistical discrimination fits into notions of prohibited
discrimination.

STATISTICAL DISCRIMINATION AND THE LAW

Statistical discrimination is widely practiced, but there is often controversy
regarding whether this “tool of efficiency” should be permitted under anti-
discrimination laws. Objections only occasionally lead to legal action. Conse-
quently, there are many areas where it has yet to be established whether statisti-
cal discrimination is permissible or prohibited. Here we briefly review legal
rulings in the areas of employment, and to provide a contrasting legal perspec-
tive, we also examine decisions in the area of insurance. There has been a wealth
of legal challenges and legislation relating to statistical discrimination in these
areas, and the results to date are inconsistent and contradictory. In the field of
insurance, statistical discrimination is often accepted as legitimate and “reason-
able”; the opposite is true, however, in the realm of employment, where the
courts have looked negatively on statistical discrimination, even in employee
pension cases that mirror insurance cases in many regards. Our discussion
below highlights that the courts view statistical discrimination in employment as
something particularly egregious; nonetheless, the practice is not banned in
insurance, even when decisions are based on ascriptive statistics.

EMPLOYMENT

Both courts and legislators have shown particular concern for employment
discrimination. It is perhaps unsurprising, then, that statistical discrimination
has been disfavored when used in the area of employment. In Los Angeles
Department of Water and Power v. Manhart (1978), the Supreme Court deter-
mined that statistical discrimination is contrary to the intentions of employment
discrimination laws. In Los Angeles Department of Water and Power v.
Manhart, the employer had determined that female employees would, on aver-
age, live longer than male employees and on this basis, had required female
employees to make higher monthly contributions to a pension fund to compen-
sate for the expected higher payments they would receive due to their greater
longevity.

In its decision, the Court distinguished between stereotypes based on mem-
bership in a protected class and the case at hand, which “involves a generaliza-
tion that the parties accept as unquestionably true: Women, as a class, do live
longer than men” (Los Angeles Department of Water and Power v. Manhart,
1978, p. 707). The Court also observed, however, that many individual women
do not live as long as the average man and that many men might outlive the
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average woman. As a result, the Court noted that “the question, therefore, is
whether the existence or nonexistence of ‘discrimination’is to be determined by
comparison of class characteristics or individual characteristics” (Los Angeles
Department of Water and Power v. Manhart, 1978, p. 708). The Court con-
cluded that Title VII of the Civil Rights Act of 1964 requires an employer to look
at individual characteristics, as opposed to group characteristics, stating that

the statute makes it unlawful “to discriminate against any individual with respect
to his compensation, terms, conditions, or privileges of employment, because of
such individual’s race, color, religion, sex, or national origin” (42 U. S. C. § 2000e-
2 (a)(1), emphasis added). The statute’s focus on the individual is unambiguous. It
precludes treatment of individuals as simply components of a racial, religious,
sexual, or national class. If height is required for a job, a tall woman may not be
refused employment merely because, on the average, women are too short. Even a
true generalization about the class is an insufficient reason for disqualifying an
individual to whom the generalization does not apply. (Los Angeles Department of
Water and Power v. Manhart, 1978, p. 708)

The Court acknowledged that its conclusion results in men as a whole subsi-
dizing women as a class to some extent but determined that the statute’s require-
ment to forbid classifications based on race or sex overrides the question of fair-
ness of such a subsidy (Los Angeles Department of Water and Power v. Manhart,
1978, p. 709). The Court further emphasized its point by noting that even if the
statute’s language were less clear, the basic policy of the statute requires a focus
on fairness to individuals rather than fairness to groups (Los Angeles Depart-
ment of Water and Power v. Manhart, 1978, p. 709).

The Court reiterated its view that the antidiscrimination statutes focus on
individuals, rather than groups, in Arizona Governing Committee v. Norris
(1983). Arizona Governing Committee v. Norris also involved an employee pen-
sion plan, but in this case the employer did not require women to make different
contributions to the plan. Instead, based on the expectation that they would, on
average, receive benefits longer (due to their higher average life expectancy),
women received lower monthly benefits than men who had made equal contri-
butions (Arizona Governing Committee v. Norris, 1983, p. 1077). Once again,
the Court concluded that the use of statistical discrimination violated the princi-
ples of antidiscrimination law, stating that “we have no hesitation in holding . . .
that the classification of employees on the basis of sex is no more permissible at
the pay-out stage of a retirement plan than at the pay-in stage” (Arizona Govern-
ing Committee v. Norris, 1983, p. 1081). The Court also emphasized that a plan
that uses sex to predict longevity is based on sex, not on any factor other than sex
(Arizona Governing Committee v. Norris, 1983, p. 1084).

The Supreme Court also addressed the issue of statistical discrimination in
employment in a recent decision involving the Family and Medical Leave Act of
1993. The Court held that states’ sovereign immunity would not protect them
from liability under the Family and Medical Leave Act (Nevada Dept. of Human
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Resources v. Hibbs, 2003). Prevention of statistical discrimination was at the
heart of the Court’s decision. The Court noted that the Family and Medical
Leave Act creates a leave policy for all employees, regardless of sex, which
works toward eliminating employers’ tendencies to hire men based on statistics
indicating that women will be more likely to take family-related leave than men
(Nevada Dept. of Human Resources v. Hibbs, 2003, p. 1983). This decision is
significant in two ways. First, it emphasizes the fact that the Court disfavors sta-
tistical discrimination in the workplace to the extent that it would eliminate state
sovereign immunity to address such discrimination. Second, the fact that the
Court has removed the sovereign immunity defense for Title VII of the Civil
Rights Act of 1964 and the Family and Medical Leave Act only (and declined to
do so for the Age Discrimination in Employment Act of 1967 and the Americans
With Disabilities Act of 1990)10 emphasizes the Court’s concern with the effects
of race and gender discrimination in employment, both of which are assessed
under a strict scrutiny standard.

These cases make it very clear that employers who use experience or statisti-
cal evidence relating to race, sex, or any other protected class identified in Title
VII of the Civil Rights Act of 1964 to make employment-related decisions are
illegally discriminating. Furthermore, this is the case regardless of whether the
classes in question do in fact differ on outcomes that might be seen as relevant to
the business decision.

INSURANCE

Insurers gain competitive advantage when they are more accurate in assess-
ing and pricing risk (M. Hylton, 1995, p. 70); they can offer lower prices to low-
risk customers and avoid taking on high-risk customers. The benefits of accu-
rate risk assessment must be weighed, however, against the costs of obtaining
relevant information about individual customers. Thus, insurers routinely use
statistical analysis as a cost-effective means of improving the assessment of risk
(M. Hylton, 1995). In contrast to the employment context, many forms of statis-
tical discrimination are legally permitted in the insurance industry. Indeed,
many are considered accepted business practice. Here we consider statistical
discrimination based on sex, race, and age. All three characteristics are specifi-
cally listed in federal antidiscrimination law,11 but all are not disallowed in
insurance.

Although increasingly controversial, the use of sex to assess risk is permitted
in most jurisdictions. Among states, only Montana forbids its use for determin-
ing insurance premiums or payment levels, and California, which is generally
known for stronger antidiscrimination laws, actually requires the use of differ-
ent tables based on sex in calculating life insurance and annuities (Gaulding,
1995, p. 1662). Attempts to prohibit sex-based statistical discrimination have
generally failed, with courts concluding that “actuarially sound discrimination
cannot be unfair” (Gaulding, 1995).12 Similarly, although all states have statutes
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prohibiting “unfair insurance practices,” these statutes have not been applied to
prohibit the use of sex-based statistical discrimination (Jerry & Mansfield,
1985, p. 336).

State prohibitions against sex-based statistical discrimination are more com-
mon in the automobile industry. For example, Massachusetts, Michigan, North
Carolina, and Florida all enacted statutes requiring unisex automobile policies
(Gaulding, 1995, Note 106). These unisex policies result in higher insurance
costs for women. Under statistical discrimination, men are assessed higher rates
because, on average, men are more likely to have accidents and to violate driving
laws. Under unisex policies, men and women are assessed identical rates based
on their pooled risk. The result is higher costs for women, because their group-
specific risk is lower than the pooled risk, and lower costs for men, because their
group-specific risk is higher than the pooled risk. Why are prohibitions against
sex-based rates more common in the automobile insurance industry? One possi-
ble factor is that individuals are required to possess automobile insurance and
state codes are often more elaborate for the automobile portion of the insurance
industry (Wortham, 1986, p. 395, Note 267).

It was once common for insurers to use race in risk assessment and setting
rates. Some states prohibited the practice after the Civil War, but through the
1950s, insurers in many states used race and “charged whites and blacks differ-
ent rates for annuities and life insurance” (Gaulding, 1995, p. 1659) based on the
fact that at most ages, the incidence of death for non-Whites is greater than that
for Whites (Jerry & Mansfield, 1985, p. 352). The use of race to assess risks and
set rates became less acceptable in the 1960s. Some states passed statutes pro-
hibiting the use of race in the insurance field, and others began interpreting stat-
utes on unfair insurance practices in a way that prohibited the use of race
(Gaulding, 1995, p. 1660).13 Insurers began moving to race-neutral actuarial
tables in the late 1960s and generally ceased using race in insurance by the
1980s (Gaulding, 1995).

The prohibition of race-based statistical discrimination in insurance has not
necessarily rendered insurance free of practices with disparate racial conse-
quences. When insurers were unable to rely on race-based statistical differences
in assessing risk, some chose not to offer homeowner’s insurance in high-risk
geographic areas. This practice has resulted in litigation by individuals claiming
that given the nature of racial segregation patterns, minorities often are nega-
tively and unfairly affected by these practices. The federal government has
attempted to discourage such practices by adopting the Fair Access to Insurance
Requirements program, which was in place from 1982 to 1983 and provided
federal reinsurance to insurers who offer property insurance in high-risk urban
areas (Gaulding, 1995, p. 1660).

Insurers are generally free to use age in assessing risk and setting insurance
rates and invariably do. Young individuals pay higher premiums for automobile
insurance than older drivers based on the fact that on average, younger drivers
are more accident prone than older drivers (Jerry & Mansfield, 1985, p. 357).
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Older individuals pay higher premiums for health and life insurance based on
the strong statistical association of age with morbidity and mortality (Jerry &
Mansfield, 1985, p. 358). These practices sometimes prompt concerns similar to
those raised in regard to using sex or race in setting rates; age is a correlate of risk
but is not a perfect predictor and, thus, some individuals are unfairly penalized
(Jerry & Mansfield, 1985, p. 8). Nonetheless, age is an accepted measure of risk
in the insurance industry and has faced little challenge.

Why is age-based statistical discrimination so widely practiced and free of
controversy? Three possibilities warrant mention. One is that statistical correla-
tions based on age are often strong, and loss of this efficient tool for assessing
risk and setting rates would create significant disruptions in the insurance mar-
ket that must be weighed against the possible benefits of having a “uniage” pol-
icy (Benston, 1983, p. 257; Jerry & Mansfield, 1985, p. 358). Another consider-
ation here is that life insurance is not mandatory. Unisex policies in automobile
insurance may result in women being unfairly overcharged at the group level,
but because participation is required by law, they cannot opt out of the system. In
contrast, the introduction of uniage pricing in a nonmandatory health and life
insurance system would create price-to-risk conditions that would discourage
most younger individuals from participating and encourage older individuals to
systematically “overconsume.”

Two additional possibilities derive from the fact that age differs from other
ascribed characteristics such as race and sex. First, everyone is subject to its con-
sequences. Generally speaking, race and sex are unchanging, but everyone ages
and, thus, will experience both the positive and negative consequences of age-
based discrimination. Second, in contrast to race and sex, the correlation of age
with morbidity and mortality risk may be seen as “intrinsic” rather than spuri-
ous. Thus, although it is beyond one’s control, as is the case for any ascribed
characteristic, its correlation with risk is not accidental.

This review suggests several conclusions. One is that economic benefits
deriving from statistical discrimination make it highly likely that some firms
will adopt it as a business practice if it is not prohibited by law. Another is that
the practice of statistical discrimination can confer competitive advantage to
firms and, thus, it is likely to be adopted on an industry-wide basis in competi-
tive markets where it is not prohibited. Yet another is that at least in the area of
insurance, the “real-world” practice of statistical discrimination closely paral-
lels the prototype case described in economic theory; that is, statistical
discriminators are not indulging personal prejudices but rather, are seizing on
group-based empirical regularities in pursuit of improved economic returns.

Taken together, the findings lend credibility to the hypothesis that statistical
discrimination by race is likely to persist in domains such as employment, hous-
ing, and finance, even as prejudice-based discrimination in these areas is declin-
ing. Legal prohibitions can serve as a tool for reducing statistical discrimination,
but they should not be seen as a panacea for eliminating racially disparate conse-
quences. For one thing, there are myriad opportunities for race-based statistical
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discrimination to factor into decisions in subtle and inconspicuous ways. Thus,
identifying and sanctioning specific instances of statistical discrimination is not
necessarily an easy matter; many statistical discriminators might be deterred,
but others might simply become more sophisticated.

More important, the statistical discriminator is motivated by economic
incentives and is relying on race as a cheap surrogate for economically relevant
information. Thus, if employers are prohibited from using race, they may culti-
vate other indicators of productivity and risk that although less convenient, will
meet the standards of law. The example of automobile insurance highlights this
possibility. When race was eliminated as an option, insurers turned to geo-
graphic location as an alternative proxy measure of risk. The new practice has
disparate consequences by race because the geographic distribution of risk is
correlated with race.14 In the area of employment, employers who are deterred
from using race as a cheap proxy for quality of education might likewise adopt
more direct measures of quality of education and, thus, associated racial dispari-
ties in employment outcomes might not be reduced. The Los Angeles Depart-
ment of Water and Power v. Manhart (1978) decision will help ensure that use of
measures of educational quality are relevant to the job, but statistical
discriminators are driven by economic concerns and are not prone to exaggerat-
ing the relevance of school quality or using racially biased measures. This can be
seen as progress in some respects. But it also highlights a sobering concern—
statistical discrimination is not likely to be responsive to remedies such as moral
suasion and education that have been used as tools for reducing forms of dis-
crimination rooted in prejudice, negative affect, and racism. So long as group
membership is a useful predictor of productivity or risk, strictly economic actors
will be inclined to draw on the relationship.

FITTING STATISTICAL DISCRIMINATION
INTO THE DISCRIMINATION PUZZLE

Assessing the manner in which statistical discrimination in employment and
insurance has fared in the legislative and judicial systems has made it evident
that whether statistical discrimination is prohibited is situation dependent. The
permissibility of statistical discrimination varies according to both the area in
which it is used and the characteristic on which it is based. In both the employ-
ment and the insurance fields, statistical discrimination based on race is prohib-
ited. This is true despite the fact that race might serve as a statistical proxy for
productivity and potential risk. When statistical discrimination is based on other
protected characteristics, the employment and insurance areas diverge. Statisti-
cal discrimination has been prohibited by the Supreme Court in the employment
context, whether it is based on race, sex, national origin, religion, age, or disabil-
ity. In contrast, statistical discrimination on the basis of protected characteristics
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other than race is largely permitted in the insurance field, with the exception of
some states prohibiting the use of sex in insurance risk assessment.

Why is statistical discrimination often ruled acceptable in the insurance
industry but consistently prohibited in the employment context? One answer is
that the courts have focused more on concerns regarding individual unfairness to
minorities in the area of employment and more on concerns about group and
aggregate fairness in the area of insurance. In the case of insurance, rulings that
sex-specific rates are not unfair if they are “actuarially sound” appear to stress
group fairness and average fairness to all individuals. Adoption of unisex rates
in automobile insurance, for example, would create group unfairness; women
would pay higher average premiums relative to their group’s average risk,
whereas men would pay lower average premiums relative to their group’s aver-
age risk. Unisex rates would also increase average individual unfairness. That is,
if unfairness to individuals is defined as the absolute value of the discrepancy
between the premium they are charged and their true risk, average unfairness for
the total population will be higher when group differences in risk are not
reflected in rates.15

In the case of employment, court rulings have not focused on average fairness
to all individuals but have focused on individual unfairness to minorities. Thus,
in reasoning about pensions, the courts have ruled that sex-specific policies that
were actuarially sound (i.e., fair at the group level) were nevertheless unaccept-
able, because some minority individuals were worse off relative to their true
risk; that is, women who do not live as long as the group average for women are
undeservedly charged higher premiums and/or provided lower benefits. To
reach this conclusion, the statistically more common outcome in which women
are better off under unisex rates compared to how they would fare under
actuarially sound sex-specific rates is not seen as unfair, or at least is not
assigned much weight. The same is true for the fact that men as a group will be
worse off under unisex rates and will subsidize women. This reasoning appears
to parallel the Feagin and Eckberg (1980) definition of discrimination reviewed
earlier; discrepancies between true risk and individual treatment are classified
as unfair (i.e., discriminatory) only when the individual is in a protected class
and experiences a negative outcome.16 Perhaps the courts’ reasoning is rooted in
past history and present day social reality; minorities have borne and currently
bear the negative consequences of discrimination. Consequently, antidis-
crimination law and the courts are especially sensitive to protecting minority
classes against injury, especially in the area of employment where the history of
overt prejudice and discrimination is so clear.

In contrast, the field of insurance is a less contentious environment where
the courts are more open to weighing concerns for efficiency and group fair-
ness against concerns for individual fairness. Accordingly, legal treatment of
statistical discrimination in the insurance realm has tended to follow economic
definitions in which it is not problematic to use both group and personal charac-
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teristics in setting rates and premiums so long as they are empirically linked to
risk. Both state and federal legislation regarding insurance have followed this
logic, permitting membership in a protected class to be used in risk assessment
so long as doing so would be actuarially sound (Americans With Disabilities
Act of 1990, Section 501[c]; Gaulding, 1995, p. 1662; M. Hylton, 1995, p. 68)
and in the case of California, even requiring insurers to use separate tables based
on sex in calculating life insurance and annuities (Gaulding, 1995, p. 1662).

This pointed distinction between the definition of discrimination in the fields
of insurance and employment is nowhere more evident than in employee pen-
sion cases. Here the use of separate tables and pricing for employee pensions is
prohibited, whereas fundamentally similar acts are permitted outside of the
realm of employment. Clearly different definitions of discrimination are being
applied to the practice of statistical discrimination in employment and insur-
ance. Perhaps society, through the courts, is more willing to reject statistical dis-
crimination when it conflicts with what we consider to be essential individual
rights, such as the right to work and pursue livelihood. Insurance, on the other
hand, may be seen as less of a fundamental necessity and, so, notions of eco-
nomic efficiency are more readily considered. One piece of evidence consistent
with this is the fact that some states have treated sex-based statistical discrimina-
tion differently in the automobile context where government mandating of
automobile insurance makes it more of a necessity and less of a “luxury.”

In many areas, the paucity of case law means that it is not yet clear whether
statistical discrimination will ultimately be permitted or prohibited. Many have
posited that the practice is used in assessing risk and setting prices for mortgage
applications and consumer purchases and loans (Ayres & Siegelman, 1995; K.
Hylton & Rougeau, 1996; Ladd, 1998; Munnell, Tootell, Browne, &
McEneaney, 1996; Tootell, 1996; Yinger, 1998). Are these types of statistical
discrimination likely to be labeled as prohibited discrimination? The answer
could depend on whether the particular outcome at issue is viewed as more or
less an essential right or necessity. Applying this logic, it might be more likely
that statistical discrimination will be prohibited in the realm of mortgage appli-
cations, based on the notion that one is entitled to shelter, yet allowed in setting
prices and terms for consumer goods and credit cards. These possibilities may
also be influenced by the fact that employment and housing are areas where
prejudice is both especially likely to operate and also difficult to detect. There
will undoubtedly be legal challenges in the future in these arenas. Perhaps the
outcomes will serve to better clarify where statistical discrimination fits in our
broader conceptions of discrimination and our policies toward it.

NOTES

1. For example, employers who have read Kozol’s (1991) Savage Inequalities might prefer
graduates from suburban high schools as opposed to other job candidates with similar grades but

1270 AMERICAN BEHAVIORAL SCIENTIST

 © 2005 SAGE Publications. All rights reserved. Not for commercial use or unauthorized distribution.
 by SJO TEMP 2008 on July 11, 2008 http://abs.sagepub.comDownloaded from 

http://abs.sagepub.com


with a degree from an inner-city high school. These employers might believe that as a group, gradu-
ates of suburban schools have benefited from attending schools with generally better facilities, fac-
ulty, and educational environments and as a result, are generally superior with regard to literacy, lan-
guage, business math, and other basic skills. These employers may appreciate that the distributions
of desirable and undesirable traits held by suburban and inner-city graduates overlap considerably.
But they also presume that they may benefit from, and are unlikely to be disadvantaged by, drawing
on the suburban–inner-city distinction as an imperfect proxy in assessing potential productivity and
risk.

2. Moss and Tilly (2001) suggested that their data underrepresent employer’s and manager’s
perceptions of group differences due to concerns about giving the impression of departing from pre-
scribed equal employment opportunity practices.

3. The interested reader may consult broader discussions by Feagin and Eckberg (1980), Eng-
land (1994), and Jaret (1995).

4. A related point is that the distinction between individual and group qualities is difficult to
maintain. England (1994) made this point in her discussion of statistical discrimination, noting that
as a practical matter, “there is no operational difference between basing decisions on individual char-
acteristics or group mean” (p. 60). By way of example, a college graduate who earned a 4.0 grade
point average falls in the category of college graduate with excellent grades. The individual has a spe-
cific degree and grade point average. But the combination is not a direct measure of the individual’s
knowledge, ability, and work habits. Most employers would respond favorably to these credentials,
however, because as a group, college graduates with excellent grades tend to be well above average in
these areas.

5. Strictly speaking, ascribed characteristics such as race, age, and sex can be conceived as indi-
vidual qualities. As England (1994) noted, statistical discriminators consider these characteristics
precisely because they are observable at the individual level, whereas productivity is often less easily
observable for individuals.

6. Presumably, this would include actions and practices by institutions that are viewed as gener-
ally protective of dominant ethnic group interests.

7. The recent literature on stereotyping lends support to this argument. It holds that stereotyping
emerges from cognitive processes that are endemic in daily life and are routinely used by individuals
when they make decisions on the basis of limited information (Brewer & Kramer, 1985; Hamilton,
1981; Hamilton & Sherman, 1994; D. Mackie, Hamilton, Susskind, & Rosselli, 1996; M. Mackie,
1973; McCauley, Stitt, & Segal, 1980).

8. In essence, individual unfairness corresponds to the residuals of the prediction model. There
are zero only if the prediction model yields perfect predictions.

9. This is straightforward because individual unfairness corresponds to the residuals of the pre-
diction model.

10. The Court has held that states’Eleventh Amendment immunity does protect them from litiga-
tion under the Age Discrimination in Employment Act of 1967 and the Americans With Disabilities
Act of 1990 (Board of Trustees of Univ. of Alabama v. Garrett, 2001; Kimel v. Florida Board of
Regents, 2000).

11. Race and sex are noted in Title VII of the Civil Rights Act of 1964 and age is noted in the Age
Discrimination in Employment Act of 1967.

12. Three cases provide relevant examples. In Telles v. Commissioner of Ins. (1991), the courts
found that the state insurance commissioner lacked authority under the state fair discrimination stat-
ute to prohibit the use of sex differences in mortality in the practice of life insurance underwriting. In
Department of Ins. v. Insurance Servs. Office (1983/1984), the court overturned a state statute that
banned sex discrimination in automobile insurance. And in Insurance Servs. Office v. Commissioner
of Ins. (1979, p. 517), the court rejected the insurance commissioner’s ban of sex discrimination in
automobile insurance, stating that discrimination is fair when there is a “sound statistical basis.”

13. States that have passed statutes specifically forbidding the use of race-based statistical dis-
crimination in insurance include Arizona, Arkansas, California, Connecticut, Kentucky, Maryland,
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Massachusetts, Michigan, Montana, New Jersey, New York, North Dakota, Ohio, Pennsylvania,
Rhode Island, Washington, and Wisconsin (Gaulding, 1995, Note 86).

14. A similar controversy has emerged over the use of “credit scores” in setting rates on credit
and home insurance. The scores are based on “individual” behavior and characteristics and are
claimed by those who use them to predict risk of default and insurance claims. However, they differ
by race and have disparate impacts on minorities who are assessed higher interest rates and insurance
premiums or alternatively, are more likely to be denied credit or insurance.

15. In this view, unfairness is registered both when an individual is better off relative to his or her
true risk and when an individual is worse off relative to his or her true risk.

16. For women, the average absolute discrepancy between true individual risk and treatment will
be greater under a unisex policy, but the average signed discrepancy will be favorable to women. The
latter would be neutral under an actuarially sound sex-specific policy.
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